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Ê

=
Ŝ
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é
th

o
d
e
s

a
p
p
ro

ch
é
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é
e
s

p
o
u
r

l’o
p
tim

isa
tio

n
c
o
m

b
in

a
to

ire
m

u
ltio

b
je

c
tif

J
F
R

O
,

3
0

n
o
v
e
m

b
re

2
0
0
1

individual 1

individual n

subpop 1

subpop Q

individual 1

individual n

individual 1

individual n

generation (t)
generation (t+

1)

initial
population

size : N

Q
 subpopulation
are created

individuals
are now
m

ixed

start
all over
again

create
subpop.

shuffle
entire

population

apply
genetic

operators

(crossover,
m

utation)

X
.
G

a
n
d
ib

le
u
x
,
M

.
E

h
rg

o
tt



M
é
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é
th

o
d
e
s

a
p
p
ro

ch
é
e
s

p
o
u
r

l’o
p
tim

isa
tio

n
c
o
m

b
in

a
to

ire
m

u
ltio

b
je

c
tif

J
F
R

O
,

3
0

n
o
v
e
m

b
re

2
0
0
1

�

�	

A
ll

e
ffi

cie
n
t

so
lu

tio
n
s

(!
o
r

?
)

2K
P

500-1B

15500

2100015500
21000

z1

z2
E

   =
 1708

SE
 =

 101

X
.
G

a
n
d
ib

le
u
x
,
M

.
E

h
rg

o
tt



M
é
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